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❖Functional data

Smart devices collect continuous measurements

1 individual = 1 curve

➔ Dependency kept between points
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• New model which allows univariate and multivariate functional

clustering

• Paper & Simulations available on HAL

• Designing an R package available on: 

https://cran.r-project.org/web/packages/funHDDC/index.html

• Coming: 

Extension to co-clustering  
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